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Objective: This study aimed to investigate the mediating role of technostress in the 

relationship between Problematic Social Media Use (PSMU) and academic burnout 

among adolescents within the framework of the stress-strain-outcome (SSO) model. 

Method: The participants were 379 Iranian high school students (195 girls and 184 boys), 

selected through a multi-stage cluster sampling method. To evaluate the key constructs 

of the study, data were gathered using three validated instruments: the Bergen Social 

Media Addiction Scale (Andreassen et al., 2017), the SNS-Stress Creators (Maier et al., 

2015b), and the School Burnout Inventory (Salmela-Aro et al., 2009a). 

Results: The results of the structural equation modeling indicated that PSMU has a 

positive and significant role in predicting students' academic burnout (β=0.48, p<0.001). 

Additionally, PSMU was also found to be a positive and significant predictor for 

technostress (β=0.54, p<0.001). Moreover, the findings indicated that technostress partially 

mediated the association between PSMU and academic burnout (β=0.12, p<0.001). 

Conclusions: The findings provide empirical support for the proposed SSO model, 

indicating that technostress statistically mediates the relationship between PSMU and 

academic burnout. Accordingly, technostress may represent an important pathway 

through which PSMU is associated with academic burnout, highlighting the need to 

consider technology-related strain when addressing the academic consequences of 

PSMU.  
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Introduction 

The rapid expansion of social media has made these platforms an integral part of adolescents’ daily 

lives, providing opportunities for communication, information seeking, education, and social 

connection (Basri et al., 2022; Gao et al., 2020; Islam et al., 2021). Adolescence is also a 

developmental period characterized by ongoing changes in identity, motivation, and emotion 

regulation, which may increase sensitivity to patterns of excessive and dysregulated social media 

engagement (Crone and Konijn, 2018). Although social media can provide educational and social 

benefits (Dragseth, 2020; Mahdiuon et al., 2020), unhealthy engagement may develop into 

Problematic Social Media Use (PSMU), characterized by excessive preoccupation with social 

media, impaired control over use, and significant disruption of important life domains (Andreassen 

and Pallesen, 2014). Although PSMU is related to Problematic Internet Use (PIU), accumulating 

evidence suggests that it represents a distinct behavioral phenomenon with unique characteristics 

(Davis, 2001; Paakkari et al., 2021); Hence, its specific psychological and academic consequences 

warrant further investigation, particularly among adolescents. 

PSMU has been associated with several adverse educational and psychological outcomes, 

including sleep disturbances, impaired concentration, social comparison, and identity problems 

(Salo et al., 2017), academic procrastination (Parvizi et al., 2025; Rasouli et al., 2025), reduced 

well-being (Stattin et al., 2026), weak academic performance (Homaid, 2022), reduced academic 

engagement (Ajibade et al., 2022; Salmela-Aro et al., 2017; Zhuang et al., 2023), school refusal 

(Min et al., 2026), and negative educational consequences associated with problematic technology 

use (Daneshpayeh et al., 2026; Fatehnejat et al., 2023).  

Additionally, Disproportionate investment in smartphones and social media demands diverts 

students’ attention from academic responsibilities and could increase their susceptibility to 

academic burnout (Salmela-Aro et al., 2009a; Wang et al., 2026). Academic burnout is 

characterized by emotional exhaustion, cynicism toward school, and feelings of academic 

inefficacy resulting from prolonged exposure to educational stressors (Salmela-Aro et al., 2009a). 

Previous research has established associations between problematic internet or social media use 

and academic burnout (Basri et al., 2022; Çevik et al., 2021; Jafari et al., 2022; Bimorgh et al., 

2023; Salmela-Aro et al. 2017; Wang et al., 2023; Zhang et al., 2021a, b). Academic burnout, in 

turn, is associated with impaired academic functioning and broader psychological difficulties (Hu 

et al., 2021; Jafari et al., 2022; Madigan and Curran, 2020; Salmela-Aro et al., 2009b). 

Nevertheless, although the association between problematic digital engagement and academic 

burnout is increasingly recognized, the mechanisms underlying this association among adolescents 

remain insufficiently understood. 

The Stress–Strain–Outcome (SSO) model proposed by Koeske and Koeske (1993), provides a 

useful theoretical basis for explaining how stressful conditions may be related to adverse outcomes 

through psychological strain. Within this framework, stressors represent conditions that impose 

demands on individuals, strain reflects the psychological responses to these demands, and 
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outcomes refer to their subsequent consequences. Based on this framework, since dysregulated 

social media engagement can expose adolescents to persistent technology-related demands, 

including information overload, frequent notifications, multitasking, frequent communication, and 

expectations of continuous availability, PSMU may be considered a potential stressor (Maier et al., 

2015b; Shannon et al., 2022). When these demands exceed adolescents’ available resources for 

managing digital and academic activities, they may contribute to technology-related stress. 

Although previous studies have employed the SSO framework to explain technology-related 

outcomes (Evers et al., 2020; Maier et al., 2015b), research has rarely examined technostress as the 

mechanism linking PSMU to academic burnout among adolescents. 

Originally introduced by Brod (1984), Technostress refers to stress arising from the use of 

information and communication technologies. It has been linked to personal characteristics, 

organizational conditions, and technology-related perceptions, while its consequences include 

exhaustion, reduced productivity, and burnout (Maier et al., 2015b; Nimrod, 2018). Within the SSO 

framework, technostress represents the psychological strain that may arise in response to 

technology-related demands. Previous research has reported associations between PSMU and 

technostress (Brooks et al., 2020; Chiappetta, 2017) and between technostress and adverse 

academic outcomes (Alvarez-Risco et al., 2021; Cliff & Brooks, 2020; Dong et al., 2020; 

Upadhyaya & Vrinda, 2021). However, research on technostress has focused predominantly on 

adults and university students (Li & Liu, 2022; Qi, 2019; Wang et al., 2021), leaving adolescents 

comparatively underrepresented despite evidence that technology-related stress may be 

experienced differently during this developmental period (Zhao et al., 2022). 

Importantly, Homaid (2022) found that technostress mediated the relationship between PSMU 

and academic performance. However, academic performance and academic burnout represent 

conceptually distinct outcomes. Whereas academic performance reflects students’ academic 

functioning and achievement, burnout reflects psychological exhaustion, cynicism, and perceived 

academic inefficacy, a negative construct. Examining burnout therefore extends the focus from 

what adolescents achieve academically to how problematic social media engagement may be 

associated with their psychological experience of academic demands. Nevertheless, whether 

technostress represents a pathway linking PSMU with academic burnout remains insufficiently 

established, particularly among adolescents. 

Although previous research has established an association between PSMU and academic 

burnout, the mechanisms underlying this association among adolescents remain insufficiently 

understood. Drawing on the SSO framework, the present study proposes technostress as a potential 

strain through which PSMU may be linked to academic burnout and empirically tests this mediating 

pathway among high school adolescents. This focus extends previous research by examining how 

PSMU may be associated with academic burnout, rather than merely establishing their association. 

Hence, this research aimed to explore the mediatory role of technostress (strain) in the relationship 
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between PSMU (stressor) and academic burnout (outcome) based on the SSO framework (Error! 

Reference source not found.). The following hypotheses were proposed: 

H1: PSMU has a positive direct effect on academic burnout. 

H2: PSMU has a positive direct effect on technostress. 

H3: PSMU has a positive indirect effect on academic burnout through technostress. 

 

 

Figure 1. Study model 

 

Materials and Methods 

Participants  

Based on Kline’s (2023) recommendation of 10 to 20 participants per model parameter, the 

participants included 400 high school students from Mamassani, Iran, chosen through a multi-stage 

cluster sampling technique. First, separate lists of girls’ and boys’ high schools were compiled. 

Two schools were randomly selected from each list, after which three classes were randomly 

selected from each selected school to participate in the study and complete the questionnaires. 

Following the removal of 21 incomplete questionnaires (containing more than 10% missing items), 

a total of 379 responses were analyzed. The sample ages varied from 15 to 18 years, with an average 

of 16.47 years. In terms of gender, only two options of “girl” and “boy” were provided and all of 

the contributors have responded to that. Furthermore, the participant pool was nearly balanced in 

terms of gender, with girls representing 51.5% of the data.  
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Procedure  

This research was performed as descriptive cross-sectional analysis employing a correlational 

method. Following the approval from the Department of Education and the school administrators, 

the students voluntarily completed the questionnaires. Prior to filling out the questionnaires, 

participants were provided with general details regarding the key aims of the research study and 

how the data would be handled. Anonymity and confidentiality were assured during the entire 

process. This study is derived from a master’s thesis in the field of Educational Psychology. 

Instruments 

In order to measure the research variables, the following instruments were utilized: 

The Bergen Social Media Addiction Scale. To evaluate PSMU, the Bergen Social Media Addiction 

Scale (BSMAS) by Andreassen et al. (2017) was utilized. This questionnaire is an adaptation of the Bergen 

Facebook Addiction Scale (BFAS), comprising six items, each evaluating one of the fundamental 

components of addiction: withdrawal, tolerance, salience, relapse, mood modification, and conflict 

(Andreassen et al., 2012). This scale measures social media use over the past year using a five-point Likert 

scale, where 1 indicates "very rarely" and 5 means "very often", yielding a total score between 6 and 30 

(e.g., "Felt an urge to use social media more and more"). Higher scores reflect a higher problematic use, 

with scores above 19 signifying problematic use of social media (Yam et al., 2019). The BSMAS has 

demonstrated robust internal consistency, with a Cronbach's alpha of 0.88 in the main research. Previous 

studies reported reliability coefficients of 0.85 (Bányai et al., 2017), 0.83 (Zhuang et al., 2023), and 0.87 

(Wong et al., 2020). The Persian version of the scale demonstrated alpha values of 0.86 (Lee et al., 2017), 

0.81 (Parvizi et al., 2025), and 0.88 (Salehi et al., 2023), while in the current study, it was 0.81. This scale's 

validity was established through Confirmatory Factor Analysis (CFA), showing factor loadings between 

0.57 and 0.70, and model fit indices reflecting favorable values. 

SNS-stress creators. To assess technostress, a tool created by Maier et al. (2015) was utilized, which is 

a consolidated version of previous technostress research (Ragu-Nathan et al., 2008; Maier et al., 2012; 

2015a). This tool comprises 22 items representing stress creators, structured as a second-order construct 

including the following dimensions: social overload (6 items), pattern (3 items), disclosure (4 items), 

uncertainty (3 items), complexity (4 items), and invasion (2 items). Responses are assessed using a five-

point Likert scale, with 1 representing "completely disagree" and 5 indicating "completely agree", yielding 

a composite score between 22 and 110 (e.g., "I take too much care of my friends’ well-being on social 

media"). As reported by Maier et al. (2015), the Cronbach’s alpha for all dimensions was in the range of 

0.83 to 0.90. 

The scale was translated into Persian following Beaton and colleagues’ (2000) guidelines for translation 

and cross-cultural adaptation of self-assessment scales. During validity testing using CFA, the "uncertainty" 

dimension was eliminated because of a low factor loading of 0.24. The recalculated model showed factor 

loadings between 0.43 and 0.71. The overall Cronbach’s alpha for this scale was 0.84, with the following 

reliability scores for individual dimensions: social overload (0.73), pattern (0.67), disclosure (0.67), 

complexity (0.84), and invasion (0.73). The model demonstrated good fit with the collected data. 
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School Burnout Inventory. The School Burnout Inventory (SBI) is a 9-item questionnaire created by 

Salmela-Aro et al. (2009a), which was initially designed by Salmela-Aro and Näätänen (2005) according to 

Bergen's 15-item job burnout questionnaire (Näätänen et al., 2003). The scale measures three dimensions 

of school burnout including cynicism (3 items), exhaustion (4 items), and inadequacy (2 items) (e.g., "I feel 

a lack of motivation in my schoolwork and often think of giving up"). Responses are evaluated using a five-

point Likert scale, from 0 (completely disagree) to 4 (strongly agree), resulting in total scores that range 

from 0 to 36. The internal consistency for the overall academic burnout scale was 0.88, with subscale 

reliability coefficients of 0.80 for cynicism, 0.80 for exhaustion, and 0.67 for inadequacy. In a study by 

Abdullahpour and colleagues (2015) involving Iranian students, these coefficients were 0.80, 0.85, 0.82, 

and 0.65, respectively. In the current study, CFA validated the scale, with factor loadings between 0.43 and 

0.76. Cronbach's alpha was 0.79 for the total scale and 0.73, 0.82, and 0.69 for the exhaustion, cynicism, 

and inadequacy dimensions, respectively. The model’s fit indices were within a desirable range. 

Data analysis  

To analyze the data, both descriptive and inferential statistics were utilized. Descriptive statistics were 

conducted using SPSS software (version 26) to summarize the central tendency and dispersion of the study 

variables. CFA was performed using AMOS software (version 21) to assess the factorial structure and 

construct validity of the measurement instruments and their respective dimensions. After evaluating and 

establishing the adequacy of the measurement models, the structural model was estimated using WarpPLS 

software (version 8) through Partial Least Squares Structural Equation Modeling (PLS-SEM). WarpPLS 

was used to examine the hypothesized structural relationships, estimate direct, indirect, and total effects, 

assess the explained variance (R²) of the endogenous constructs, and evaluate the model’s quality and 

predictive relevance. The significance of the path coefficients and indirect effects was assessed using 

bootstrapping. 

Results 

Descriptive statistics  

Table  displays the means and standard deviations (SD) for the research variables and their 

dimensions. The mean score for PSMU was 16.34, which remains below the threshold for 

problematic use (Yam et al., 2019). The mean scores for the dimensions of technostress varied from 

5.54 for invasion to 17.95 for social overload, and in the case of academic burnout ranged from 4.9 

for cynicism to 9.23 for inefficacy. The correlation matrix is displayed in Table 2. 
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Table 1. Descriptive results 

Maximum Minimum SD Mean Factor Variable 

30 6 5.88 16.34  PSMU 

20 4 3.35 10.87 Complexity 

Technostress 

10 2 2.14 5.54 Invasion 

15 3 2.75 8.51 Pattern 

20 4 2.86 11.68 Disclosure 

30 6 4.52 17.95 Social overload 

16 0 4.03 8.03 Exhaustion 

Academic burnout 12 0 3.36 4.90 Cynicism 

35 0 8.17 9.22 Inefficacy 

 

 

Table 2. Correlation matrix 

Variables 1 2 3 4 5 6 7 8 9 10 11 

1. PSMU 1           

2. Technostress 0.51** 1          

3. Academic burnout 0.58** 0.46** 1         

4. Complexity 0.26** 0.60** 0.25** 1        

5. Invasion 0.45** 0.64** 0.37** 0.25** 1       

6. Pattern 0.36** 0.71** 0.37** 0.32** 0.45** 1      

7. Disclosure 0.41** 0.68** 0.36** 0.34** 0.38** 0.40** 1     

8. Social overload 0.38** 0.77** 0.33** 0.22** 0.46** 0.48** 0.38** 1    

9. Exhaustion 0.28** 0.31** 0.75** 0.16** 0.21** 0.32** 0.23** 0.19** 1   

10. Cynicism 0.57** 0.37** 0.77** 0.19** 0.35** 0.26** 0.31** 0.27** 0.26** 1  

11. Inefficacy 0.48** 0.38** 0.71** 0.22** 0.28** 0.24** 0.28** 0.31** 0.33** 0.46** 1 

** p<0.01 

 

Table 2 represents the Pearson correlations among the study variables and their dimensions. The 

results indicate that the correlations within each construct exceed those with other constructs, 

confirming the discriminant validity. 

Study model  

Before estimating the structural model, the measurement models were evaluated using CFA in 

AMOS and adequacy of the measurement instruments were confirmed. Following evaluation of 

the measurement models and assessing normality, collinearity, and multicollinearity, the structural 

model was estimated using WarpPLS 8.0 with the PLS-SEM approach. The structural model was 

evaluated according to three key criteria: the model's predictive relevance, the significance of path 

coefficients, and the R² values (Hair et al., 2011). In order to apply SEM, Partial Least Squares 

(PLS) method was performed. According to hair et al. (2011), PLS-SEM is a method which 

maximizes the explained variance (R² values) of the dependent constructs and offers robust 

assessments of the structural model. PLS-SEM operates effectively with a wider variety of sample 

sizes and greater model complexity, and holds less stringent assumptions regarding the data. This 

methods’ comparatively high statistical power and flexibility makes it suitable for mostly 

prediction, but also for confirmatory theory testing. Thus, PLS-SEM is a proper tool for this 

investigation which concerns the effect of PSMU on academic burnout through technostress. As 
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stated by Cohen (2013), an R² value is considered substantial if it exceeds 0.26. In the case of 

academic burnout, the R² value was 0.41, indicating that technostress and PSMU together explain 

41% of its variance. For technostress, the R² value was 0.29, meaning that PSMU accounts for 29% 

of its variance, which surpasses the cut-off point for this study. 

The significance of path coefficients was assessed using a bootstrapping method. The results 

(Error! Reference source not found., Table ) show that PSMU has a significant positive direct 

relationship with academic burnout (β = 0.48, p < 0.001), supporting H1 of this study. Similarly, 

PSMU has a significant positive relationship with technostress (β = 0.54, p < 0.001), supporting 

H2 of our research. Finally, technostress significantly mediates the relationship between PSMU 

and academic burnout (β = 0.12, p < 0.001), which supports the H3 of the study. Because both the 

direct effect of PSMU on academic burnout and the indirect effect through technostress were 

significant, the findings support a partial mediation effect of technostress. The total effect of PSMU 

on academic burnout was also positive and significant (β = 0.60, p < 0.001). Once the estimation 

process reaches an acceptable solution, it is important to assess how well the model fits. Model fit 

shows how closely the structural equation model matches the observed data (Schermelleh-Engel, 

2003). This type of model evaluation criterion is an important necessity for assessing and 

comparing different theories with their associated models (hair et al., 2011). The model fit and 

quality indices are presented in Table 4. 

 

 

Figure 2. Tested model of the structural relationships 



 

 
 
Mediating Role of Technostress in… | Abnavi & Jowkar 

 

 

9 

Table 3. Direct, indirect, and overall effects of the structural equation model related to the study variables 

Paths Effect Type β SE p Effect Size 

PSMU → Technostress Direct 0.54 0.048 < 0.001 0.29 

Technostress → Academic Burnout Direct 0.23 0.050 < 0.001 0.11 

PSMU → Academic Burnout Direct 0.48 0.048 < 0.001 0.29 

PSMU → Technostress → Academic Burnout Indirect 0.12 0.036 < 0.001 0.08 

PSMU → Academic Burnout Total 0.60 0.047 < 0.001 0.37 

Note. PSMU = Problematic Social Media Use; SE = standard error. 

Indirect effects were estimated using the resampling procedure implemented in WarpPLS 8.0, based on 100 resamples. 

 

According to Table 3, the total, direct, and indirect effects indicate the significance of the 

relationships among the study variables. PSMU demonstrated significant direct and indirect 

association with academic burnout, with technostress partially mediating this path. 

 

Table 4. Model fit and quality indices 

 APC ARS AARS AVIF AFVIF GoF SPR RSCR SSR NLBCDR 

Amount 0.41*** 0.34*** 0.34*** 1.38 1.65 0.43 1.00 1.00 1.00 1.00 

Acceptable value p ≤ 0.05 p ≤ 0.05 p ≤ 0.05 ≤ 5.00 ≤ 5.00 ≥ 0.1 0.7 ≤ 0.9 ≤ 0.7 ≤ 0.7 ≤ 

Note. APC = Average Path Coefficient; ARS = Average R-squared; AARS = Average Adjusted R-squared; AVIF = Average Block 

Variance Inflation Factor; AFVIF = Average Full Collinearity Variance Inflation Factor; GoF = Tenenhaus Goodness of Fit; SPR = 

Simpson’s Paradox Ratio; RSCR = R-squared Contribution Ratio; SSR = Statistical Suppression Ratio; NLBCDR = Nonlinear Bivariate 

Causality Direction Ratio. 

*** p < .001. 

 

According to Table 4, all reported indices met their recommended acceptance criteria, indicating 

satisfactory overall model fit and quality. These findings indicate that the proposed model provides 

an acceptable representation of the observed data. 

Discussion 

The present study examined the relationships between PSMU, technostress, and academic burnout 

within the SSO framework. The findings exhibited significant positive associations of PSMU with 

technostress and academic burnout, and a significant indirect link between PSMU and academic 

burnout through technostress. 

The positive relationship between PSMU and academic burnout (H1) is consistent with previous 

research by Basri et al. (2022), Çevik et al. (2021), Evers et al. (2020), Salmela-Aro et al. (2017), 

Wang et al. (2026), Zhang et al. (2021a), and Zhang et al. (2021b) suggesting a positive link 

between problematic digital technology use and burnout-related outcomes. Research suggest that 

excessive social media use has been associated with poor sleep, impaired attention and memory, 

increased cognitive load, and reduced adaptation to academic demands (Tanil & Yong, 2020; 

Whitney et al., 2019). Furthermore, PSMU reflects deficits in self-regulation and self-control, 

making it difficult for students to resist excessive social media use and effectively manage their 

time and academic responsibilities (Rasouli et al., 2025). Persistent preoccupation with social 

media may further consume cognitive resources, impair concentration, and contribute to emotional 
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exhaustion, a core component of burnout (Maslach and Jackson, 1981; Zhang et al., 2021a). These 

factors may help explain the observed association with academic burnout. Excessive engagement 

with social media may divert time and cognitive resources from academic activities and other 

responsibilities, while persistent preoccupation may be associated with reduced motivation, 

perceived academic efficacy, and emotional well-being. Within the SSO framework, this finding 

supports conceptualizing PSMU as a potential stressor associated with academic burnout.  

The positive association between PSMU and technostress (H2) is in line with the results of Salo et 

al. (2017), Homaid (2022), Chiappetta (2017), and Hsiao et al. (2017). Prior research indicates that 

excessive engagement with social media can disrupt time management, reduce behavioral control, 

and create persistent cognitive preoccupation with online activities, thereby increasing perceived 

stress (Shi et al., 2020). Problematic social media engagement may involve information overload, 

communication demands, constant notifications, and expectations of continuous availability, which 

correspond to established technostress creators (Cao et al., 2018; Maier et al., 2015b). Accordingly, 

PSMU may increase perceived digital demands, cognitive overload, and difficulty disengaging 

from online activities; which within the SSO framework, may contribute to symptoms of 

technostress, as a psychological strain.  

Finally, our findings provide evidence regarding a significant indirect relationship between PSMU 

and academic burnout through technostress (H3), extending Homaids’ (2022) findings regarding 

academic performance and supporting previous evidence linking technostress to burnout (Kasemy 

et al., 2022; Li & Liu, 2022; Wang et al., 2021; Zhao et al., 2022). This significant indirect effect 

is consistent with the SSO framework (Koeske and Koeske, 1993), in which a technology-related 

stressor is linked to psychological strain and, in turn, to an adverse outcome. From this perspective, 

as features of social media such as persistent notifications, information overload, multitasking, 

frequent communication, and expectations of social availability can impose substantial cognitive 

and social demands (Maier et al., 2015b; Shannon et al., 2022), PSMU may represent a relevant 

stressor. In the next step, these demands might be experienced as technostress, particularly when 

students have limited resources for managing competing digital and academic demands. 

Continuous exposure to techno-stressors is associated with depleted psychological resources, 

limited coping capacities such as time management and self-efficacy, and lower tolerance for 

uncertainty, which may in turn be related to feelings of emotional exhaustion, inefficacy, and 

negative attitudes toward school work—the core dimensions of academic burnout (Gaudioso et al., 

2017; Maier et al., 2015b; Shi et al., 2020; Yener et al., 2021; Zhao et al., 2022). This finding 

extends previous research by identifying technostress as a potential mechanism underlying the 

association between PSMU and academic burnout among adolescents. 

Overall, the findings indicate that PSMU is related to academic burnout through the mediating role 

of technostress. Problematic use of social media consumes students' cognitive, emotional, and 

temporal resources, leaving fewer resources available for learning and academic responsibilities. 

As technology-related stress accumulates, students experience greater difficulty regulating their 

behavior, managing their time, and coping effectively with academic demands. This depletion of 
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self-regulatory resources gradually undermines academic engagement, fosters feelings of 

inefficacy and emotional exhaustion, and ultimately increases the risk of academic burnout. 

Despite these contributions, various limitations must be acknowledged. First, the sample was 

comprised exclusively of Iranian high school students, potentially restricting the applicability of 

our findings to different age demographics and cultural environments. Second, all variables were 

assessed through self-report tools; therefore, common method variance and response biases, 

including social desirability, cannot be ruled out. Third, the cross-sectional correlational approach 

prevents causal inference. Further longitudinal and experimental research is required to elucidate 

the temporal and causal links between PSMU, technostress, and academic burnout. Furthermore, 

data were collected during a period when access to several social media platforms in Iran was 

restricted. Although these restrictions may have influenced participants' digital experiences, their 

psychological impact exceeded the limits of the current research. Upcoming research should also 

examine additional psychological mechanisms that may explain the association between PSMU 

and academic burnout, compare adolescents with university students, and investigate these 

relationships in non-academic contexts. 

From a theoretical perspective, this study applies the SSO framework to examine technostress as a 

potential mechanism linking PSMU to academic burnout among adolescents. By incorporating 

academic burnout as a downstream outcome, the findings provide a more comprehensive 

understanding of how excessive social media use undermines students' psychological well-being 

and educational functioning. 

From a practical perspective, the results highlight the importance of early identification of 

technostress and PSMU by school psychologists, counselors, and other mental health professionals. 

School-based screening and preventive interventions targeting self-regulation, stress management, 

and time-management skills may help reduce students' vulnerability to academic burnout. 

Promoting balanced and responsible social media use through psychoeducational programs may 

further support students' well-being, academic engagement, and long-term educational adjustment. 

Conclusion 

Drawing on the SSO framework, the present study provides evidence of a significant direct and 

indirect association between PSMU and academic burnout through technostress. The findings are 

consistent with the proposed model, suggesting that technostress may represent a potential 

mechanism underlying the association between PSMU and academic burnout. These findings 

provide empirical support for applying the SSO framework to the relationship between PSMU, 

technostress, and academic burnout among adolescents. Given the widespread use of social media 

among adolescents, preventive strategies addressing healthy social media use, self-regulation, and 

technostress may be relevant to reducing academic burnout. Given the cross-sectional design, 

however, these findings represent statistical associations and should not be interpreted as evidence 

of causal relationships. Longitudinal research is needed to further clarify these relationships. 



 

 
 

Iranian Journal of Learning and Memory, Volume x, Issue x, 2026 

 

 

12 

Author Contributions 

The first author, developed the study, collected the data, and drafted the manuscript as part of 

her master’s thesis. The second author, the supervising professor, provided conceptual guidance, 

methodological oversight, and critical revisions. Both authors approved the final manuscript. 

Data Availability Statement 

The original data supporting the conclusions of this article have been stored in “Science Data 

Bank” online data repository and are accessible from the authors upon reasonable request: 

https://www.scidb.cn/en/detail?dataSetId=104e6d132c674937a1c34610c876dcac 

Acknowledgements 

This work is derived from the first author’s master’s thesis. The authors thank all participants 

for their cooperation. This manuscript benefited from language editing, conciseness 

improvements, and phrasing suggestions generated with the assistance of ChatGPT (GPT-5.5, 

OpenAI, 2026). 

Ethical considerations  

This research was approved and conducted according to the guidelines of the Research Ethics 

Committees of Faculty of Psychology and Educational Sciences of Shiraz University (Ethics 

Code: IR.US.PSYEDU.REC.1402.089). All procedures involving human participants were 

performed in compliance with the ethical principles of the institutional research committee and 

the Declaration of Helsinki. Informed consent was obtained from all participants prior to data 

collection. Consent was secured from all participants before data gathering. 

Funding 

This study was conducted without any financial support. 

Conflict of interest 

The authors have no competing interests to disclose that pertain to the content of this article. 

Abbreviations 

BSMAS                            the Bergen Social Media Addiction Scale 

PIU                                   Problematic Internet Use 

PSMU                               Problematic Social Media Use 

SBI                                   School Burnout Inventory 

SSO model                       Stress-Strain-Outcome model     

 

https://www.scidb.cn/en/detail?dataSetId=104e6d132c674937a1c34610c876dcac
https://ethics.research.ac.ir/ProposalCertificateEn.php?id=429678&Print=true&NoPrintHeader=true&NoPrintFooter=true&NoPrintPageBorder=true&LetterPrint=true


 

 
 
Mediating Role of Technostress in… | Abnavi & Jowkar 

 

 

13 

References 

Abdullahpour, M. A., Dortaj, F. and Ahadi, H. (2015). Psychometric Properties of the School Burnout 

Inventory (SBI) among Iranian Students. Quarterly of Educational Measurement, 6(24), 23-41. 

https://doi.org/10.22054/jem.2016.6149  ]In Persian  [  

Ajibade, S., Mejarito, C., Egere, O., Adediran, A., Gido, N., & Bassey, M. (2022). An analysis of the impact 

of social media addiction on academic engagement of students. Journal of Pharmaceutical Negative 

Results, 13. https://doi.org/10.47750/pnr.2022.13.S04.166  

Alvarez-Risco, A., Del-Aguila-Arcentales, S., Yáñez, J. A., Rosen, M. A., & Mejia, C. R. (2021). Influence 

of technostress on academic performance of university medicine students in Peru during the COVID-19 

pandemic. Sustainability, 13(16), 8949. https://doi.org/10.3390/su13168949  

Andreassen, C. S., & Pallesen, S. (2014). Social network site addiction-an overview. Current 

Pharmaceutical Design, 20(25), 4053-4061. https://doi.org/10.2174/13816128113199990616  

Andreassen, C. S., Pallesen, S., & Griffiths, M. D. (2017). The relationship between addictive use of social 

media, narcissism, and self-esteem: Findings from a large national survey. Addictive Behaviors, 64, 287-

293. https://doi.org/10.1016/j.addbeh.2016.03.006  

Andreassen, C. S., Torsheim, T., Brunborg, G. S., & Pallesen, S. (2012). Development of a Facebook 

addiction scale. Psychological reports, 110(2), 501-517. 
https://doi.org/10.2466/02.09.18.PR0.110.2.501-517  

Bányai, F., Zsila, Á., Király, O., Maraz, A., Elekes, Z., Griffiths, M. D., ... & Demetrovics, Z. (2017). 

Problematic social media use: Results from a large-scale nationally representative adolescent sample. 

PloS One, 12(1), e0169839. https://doi.org/10.1371/journal.pone.0169839  

Basri, S., Hawaldar, I. T., Nayak, R., & Rahiman, H. U. (2022). Do academic stress, burnout and 

problematic internet use affect perceived learning? Evidence from India during the COVID-19 

pandemic. Sustainability, 14(3), 1409. https://doi.org/10.3390/su14031409  

Beaton, D. E., Bombardier, C., Guillemin, F., & Ferraz, M. B. (2000). Guidelines for the process of cross-

cultural adaptation of self-report measures. Spine, 25(24), 3186-3191. https://doi.org/10.1097/00007632-

200012150-00014  

Bimorgh, M. S., Akbarzadeh, F., Moharreri, F., Akbari, A., Porghafar, H., & Ebrahimi, A. (2023). The 

relationship between the internet addiction and cell phone addiction with academic burnout in medical 

students of Mashhad University of Medical Sciences. Journal of Fundamentals of Mental Health, 25(1). 

https://doi.org/10.22038/jfmh.2023.21618  

Boer, M., Van Den Eijnden, R. J., Boniel-Nissim, M., Wong, S. L., Inchley, J. C., Badura, P., ... & Stevens, 

G. W. (2020). Adolescents' intense and problematic social media use and their well-being in 29 countries. 

Journal of Adolescent Health, 66(6), S89-S99. https://doi.org/10.1016/j.jadohealth.2020.02.014  

Brod, C. (1984). Technostress: The human cost of the computer revolution. Addison Wesley. 

Brooks, S., Wang, X., & Schneider, C. (2020). Technology addictions and Technostress: An examination 

of the US and China. Journal of Organizational and End User Computing, 32(2), 1-19. 

https://doi.org/10.4018/JOEUC.2020040101  

Califf, C. B., & Brooks, S. (2020). An empirical study of techno-stressors, literacy facilitation, burnout, and 

turnover intention as experienced by K-12 teachers. Computers & Education, 157, 103971. 

https://doi.org/10.1016/j.compedu.2020.103971  

Cao, X., Masood, A., Luqman, A., & Ali, A. (2018). Excessive use of mobile social networking sites and 

poor academic performance: Antecedents and consequences from stressor-strain-outcome perspective. 

Computers in Human Behavior, 85, 163-174. https://doi.org/10.1016/j.chb.2018.03.023  

Çevik, Ö., Ata, R., & Çevik, M. (2021). Bullying and victimization among Turkish adolescents: the 

predictive role of problematic internet use, school burnout and parental monitoring. Education and 

Information Technologies, 26, 3203-3230. https://doi.org/10.1007/s10639-020-10410-1  

https://doi.org/10.22054/jem.2016.6149
https://doi.org/10.47750/pnr.2022.13.S04.166
https://doi.org/10.3390/su13168949
https://doi.org/10.2174/13816128113199990616
https://doi.org/10.1016/j.addbeh.2016.03.006
https://doi.org/10.2466/02.09.18.PR0.110.2.501-517
https://doi.org/10.1371/journal.pone.0169839
https://doi.org/10.3390/su14031409
https://doi.org/10.1097/00007632-200012150-00014
https://doi.org/10.1097/00007632-200012150-00014
https://doi.org/10.22038/jfmh.2023.21618
https://doi.org/10.1016/j.jadohealth.2020.02.014
https://doi.org/10.4018/JOEUC.2020040101
https://doi.org/10.1016/j.compedu.2020.103971
https://doi.org/10.1016/j.chb.2018.03.023
https://doi.org/10.1007/s10639-020-10410-1


 

 
 

Iranian Journal of Learning and Memory, Volume x, Issue x, 2026 

 

 

14 

Chiappetta, M. (2017). The Technostress: definition, symptoms and risk prevention. Senses and Sciences, 

4(1). http://doi.org/10.14616/sands-2017-1-358361  

Cohen, J. (2013). Statistical power analysis for the behavioral sciences. Routledge. 

https://doi.org/10.4324/9780203771587  
Crone, E. A., & Konijn, E. A. (2018). Media use and brain development during adolescence. Nature 

Communications, 9(1), 588. https://doi.org/10.1038/s41467-018-03126-x  

Daneshpayeh, M., Masoudi, N., Shahsavari, F., Dortaj, Z., & Ghaemi, F. (2025). Academic Dishonesty and 

Problematic Internet Use: Mediating Role of Cognitive Emotion Regulation in Adolescents. Iranian 

Journal of Learning and Memory, 8(32), 33-46. https://doi.org/10.22034/iepa.2026.572415.1583  

Davis, R. A. (2001). A cognitive-behavioral model of pathological Internet use. Computers in Human 

Behavior, 17(2), 187-195. https://doi.org/10.1016/S0747-5632(00)00041-8  

Dong, Y., Xu, C., Chai, C. S., & Zhai, X. (2020). Exploring the structural relationship among teachers’ 

technostress, technological pedagogical content knowledge (TPACK), computer self-efficacy and school 

support. The Asia-Pacific Education Researcher, 29, 147-157. http://doi.org/10.1007/s40299-019-

00461-5  

Dragseth, M. R. (2020). Building student engagement through social media. Journal of Political Science 

Education, 16(2), 243-256. https://doi.org/10.1080/15512169.2018.1550421  

Evers, K., Chen, S., Rothmann, S., Dhir, A., & Pallesen, S. (2020). Investigating the relation among 

disturbed sleep due to social media use, school burnout, and academic performance. Journal of 

Adolescence, 84, 156-164. https://doi.org/10.1016/j.adolescence.2020.08.011  

Fatehnejat, F., Soltani, A., Andishmand, V., & Manzari Tavakoli, A. (2023). Structural equation modeling 

for predicting academic procrastination Based on Cyberspace addiction and executive functions in first 

secondary female students in Kerman. Iranian Journal of Learning and Memory, 6(22), 43-53. 

https://doi.org/10.22034/iepa.2023.418187.1446  

Gao, J., Zheng, P., Jia, Y., Chen, H., Mao, Y., Chen, S., ... & Dai, J. (2020). Mental health problems and 

social media exposure during COVID-19 outbreak. Plos One, 15(4), e0231924. 

https://doi.org/10.1371/journal.pone.0231924  

Gaudioso, F., Turel, O., & Galimberti, C. (2017). The mediating roles of strain facets and coping strategies 

in translating techno-stressors into adverse job outcomes. Computers in Human Behavior, 69, 189-196. 

https://doi.org/10.1016/j.chb.2016.12.041  

Hair, J. F., Ringle, C. M., & Sarstedt, M. (2011). PLS-SEM: Indeed a silver bullet. Journal of Marketing 

theory and Practice, 19(2), 139-152. https://doi.org/10.2753/MTP1069-6679190202  

Homaid, A. A. (2022). Problematic social media use and associated consequences on academic performance 

decrement during Covid-19. Addictive Behaviors, 132, 107370. 

https://doi.org/10.1016/j.addbeh.2022.107370  

Hsiao, K. L., Shu, Y., & Huang, T. C. (2017). Exploring the effect of compulsive social app usage on 

technostress and academic performance: Perspectives from personality traits. Telematics and 

Informatics, 34(2), 679-690. https://doi.org/10.1016/j.tele.2016.11.001  

Hu, R., Ye, M., Lai, B., Luo, F., Yang, M., Yuan, J., & Tao, Q. (2021). Fear of COVID-19, Internet 

Addiction, Learning Burnout, and Psychological Health On Teenagers in China at Post-Pandemic Era: 

A Serial Mediation Model. Research Square, 1-10. https://doi.org/10.21203/rs.3.rs-955207/v1 [Preprint]  

Huang, C. (2022). A meta-analysis of the problematic social media use and mental health. International 

Journal of Social Psychiatry, 68(1), 12-33. https://doi.org/10.1177/0020764020978434  

Islam, M. S., Sujan, M. S. H., Tasnim, R., Mohona, R. A., Ferdous, M. Z., Kamruzzaman, S., ... & Pontes, 

H. M. (2021). Problematic smartphone and social media use among Bangladeshi college and university 

students amid COVID-19: the role of psychological well-being and pandemic related factors. Frontiers 

in psychiatry, 12, 647386. https://doi.org/10.3389/fpsyt.2021.647386  

http://doi.org/10.14616/sands-2017-1-358361
https://doi.org/10.4324/9780203771587
https://doi.org/10.1038/s41467-018-03126-x
https://doi.org/10.22034/iepa.2026.572415.1583
https://doi.org/10.1016/S0747-5632(00)00041-8
http://doi.org/10.1007/s40299-019-00461-5
http://doi.org/10.1007/s40299-019-00461-5
https://doi.org/10.1080/15512169.2018.1550421
https://doi.org/10.1016/j.adolescence.2020.08.011
https://doi.org/10.22034/iepa.2023.418187.1446
https://doi.org/10.1371/journal.pone.0231924
https://doi.org/10.1016/j.chb.2016.12.041
https://doi.org/10.2753/MTP1069-6679190202
https://doi.org/10.1016/j.addbeh.2022.107370
https://doi.org/10.1016/j.tele.2016.11.001
https://doi.org/10.21203/rs.3.rs-955207/v1
https://doi.org/10.1177/0020764020978434
https://doi.org/10.3389/fpsyt.2021.647386


 

 
 
Mediating Role of Technostress in… | Abnavi & Jowkar 

 

 

15 

Jafari, F., Janatolmakan, M., Khubdast, S., Azizi, S. M., & Khatony, A. (2022). The Relationship of Internet 

Abusive Use with Academic Burnout and Academic Performance in Nursing Students. BioMed Research 

International, 2022. https://doi.org/10.1155/2022/2765763  

Kasemy, Z. A., Sharif, A. F., Barakat, A. M., Abdelmohsen, S. R., Hassan, N. H., Hegazy, N. N., ... & 

Abdelwanees, S. (2022). Technostress Creators and Outcomes Among Egyptian Medical Staff and 

Students: A Multicenter Cross-Sectional Study of Remote Working Environment During COVID-19 

Pandemic. Frontiers in Public Health, 10, 838. https://doi.org/10.3389/fpubh.2022.796321  

Kircaburun, K., Griffiths, M. D., & Billieux, J. (2019). Trait emotional intelligence and problematic online 

behaviors among adolescents: The mediating role of mindfulness, rumination, and depression. 

Personality and Individual Differences, 139, 208-213. https://doi.org/10.1016/j.paid.2018.11.024  

Kline, R. B. (2023). Principles and practice of structural equation modeling. Guilford publications. 

Koeske, G. F., & Koeske, R. D. (1993). A preliminary test of a stress-strain-outcome model for 

reconceptualizing the burnout phenomenon. Journal of Social Service Research, 17(3-4), 107-135. 

https://doi.org/10.1300/J079v17n03_06  

Lee, E. W., Ho, S. S., & Lwin, M. O. (2017). Extending the social cognitive model—Examining the external 

and personal antecedents of social network sites use among Singaporean adolescents. Computers in 

Human Behavior, 67, 240-251. http://doi.org/10.1016/j.chb.2016.10.030  

Li, X., & Liu, D. (2022). The Influence of Technostress on Cyberslacking of College Students in 

Technology-Enhanced Learning: Mediating Effects of Deficient Self-Control and Burnout. International 

Journal of Environmental Research and Public Health, 19(18), 11800. 

https://doi.org/10.3390/ijerph191811800  

Madigan, D. J., & Curran, T. (2021). Does burnout affect academic achievement? A meta-analysis of over 

100,000 students. Educational Psychology Review, 33, 387-405. https://doi.org/10.1007/s10648-020-

09533-1  

Mahdiuon, R., Salimi, G., & Raeisy, L. (2020). Effect of social media on academic engagement and 

performance: Perspective of graduate students. Education and Information technologies, 25(4), 2427-

2446. https://doi.org/10.1007/s10639-019-10032-2  

Maier, C., Laumer, S., Eckhardt, A., & Weitzel, T. (2012). Online social networks as a source and symbol 

of stress: an empirical analysis. International Conference on Interaction Sciences. 

http://aisel.aisnet.org/icis2012/proceedings/DigitalNetworks/10/  

Maier, C., Laumer, S., Eckhardt, A., & Weitzel, T. (2015a). Giving too much social support: social overload 

on social networking sites. European Journal of Information Systems 24(5). 1-18. 

https://doi.org/10.1057/ejis.2014.3  

Maier, C., Laumer, S., Weinert, C., & Weitzel, T. (2015b). The effects of technostress and switching stress 

on discontinued use of social networking services: a study of Facebook use. Information Systems 

Journal, 25(3), 275-308. https://doi.org/10.1111/isj.12068  

Maslach, C., & Jackson, S. E. (1981). The measurement of experienced burnout. Journal of Organizational 

Behavior, 2(2), 99-113. https://doi.org/10.1002/job.4030020205  

Maslach, C., Schaufeli, W. B., & Leiter, M. P. (2001). Job burnout. Annual Review of Psychology, 52(1), 

397-422. https://doi.org/10.1146/annurev.psych.52.1.397  

Mertala, P., López-Pernas, S., Vartiainen, H., Saqr, M., & Tedre, M. (2024). Digital natives in the scientific 

literature: A topic modeling approach. Computers in Human Behavior, 152, 108076. 

https://doi.org/10.1016/j.chb.2023.108076  

Min, G., Yue, J., Zhang, Y., Yan, J., Zhang, D., Yu, K., & Li, H. (2026). Longitudinal association between 

problematic social media use and school refusal among adolescents: a random intercept cross-lagged 

panel model. Frontiers in Psychology, 17, 1801922. https://doi.org/10.3389/fpsyg.2026.1801922 

Näätänen, P., Aro, A., Matthiesen, S., & Salmela-Aro, K. (2003). Bergen Burnout Indicator-15. Edita. 

https://doi.org/10.1155/2022/2765763
https://doi.org/10.3389/fpubh.2022.796321
https://doi.org/10.1016/j.paid.2018.11.024
https://doi.org/10.1300/J079v17n03_06
http://doi.org/10.1016/j.chb.2016.10.030
https://doi.org/10.3390/ijerph191811800
https://doi.org/10.1007/s10648-020-09533-1
https://doi.org/10.1007/s10648-020-09533-1
https://doi.org/10.1007/s10639-019-10032-2
http://aisel.aisnet.org/icis2012/proceedings/DigitalNetworks/10/
https://doi.org/10.1057/ejis.2014.3
https://doi.org/10.1111/isj.12068
https://doi.org/10.1002/job.4030020205
https://doi.org/10.1146/annurev.psych.52.1.397
https://doi.org/10.1016/j.chb.2023.108076
https://doi.org/10.3389/fpsyg.2026.1801922


 

 
 

Iranian Journal of Learning and Memory, Volume x, Issue x, 2026 

 

 

16 

Nimrod, G. (2018). Technostress: measuring a new threat to well-being in later life. Aging & Mental Health, 

22(8), 1086-1093. https://doi.org/10.1080/13607863.2017.1334037  

Paakkari, L., Tynjälä, J., Lahti, H., Ojala, K., & Lyyra, N. (2021). Problematic social media use and health 

among adolescents. International Journal of Environmental Research and Public Health, 18(4), 1885. 

https://doi.org/10.3390/ijerph18041885  

Parvizi, F., Jowkar, B., & Abnavi, Z. (2025). Mediating Role of Problematic Social Media Use in the 

Relationship Between Perceived Social Support and Academic Procrastination. Iranian Journal of 

Applied Educational Research, 1(2), 1-14. https://doi.org/10.22111/ijaer.2025.52195.1018  

Qi, C. (2019). A double-edged sword? Exploring the impact of students’ academic usage of mobile devices 

on technostress and academic performance. Behaviour & Information Technology, 38(12), 1337-1354. 

https://doi.org/10.1080/0144929X.2019.1585476  

Ragu-Nathan, T. S., Tarafdar, M., Ragu-Nathan, B. S., & Tu, Q. (2008). The consequences of technostress 

for end users in organizations: Conceptual development and empirical validation. Information Systems 

Research, 19(4), 417-433. https://doi.org/10.1287/isre.1070.0165  

Rasouli, A., Nejad-Ebrahim Soumee, Z., Tirgari Seraji, H., Ramzi, F., & Saed, O. (2025). The self-control 

bridge: Connecting social media use to academic procrastination. Psychological reports, 

00332941251330538. https://doi.org/10.1177/00332941251330538 

Salehi, E., Fallahchai, R., & Griffiths, M. (2023). Online addictions among adolescents and young adults in 

Iran: The role of attachment styles and gender. Social Science Computer Review, 41(2), 554-572. 

https://doi.org/10.1177/08944393221111242  

Salmela-Aro, K., & Näätänen, P. (2005). Method of assessing adolescents' school burnout. Edita. 

Salmela-Aro, K., Kiuru, N., Leskinen, E., & Nurmi, J. E. (2009a). School burnout inventory (SBI) reliability 

and validity. European Journal of Psychological Assessment, 25(1), 48-57. 

https://doi.org/10.1027/1015-5759.25.1.48  

Salmela-Aro, K., Savolainen, H., & Holopainen, L. (2009b). Depressive symptoms and school burnout 

during adolescence: Evidence from two cross-lagged longitudinal studies. Journal of Youth and 

Adolescence, 38, 1316-1327. https://doi.org/10.1007/s10964-008-9334-3  

Salmela-Aro, K., Upadyaya, K., Hakkarainen, K., Lonka, K., & Alho, K. (2017). The dark side of internet 

use: Two longitudinal studies of excessive internet use, depressive symptoms, school burnout and 

engagement among Finnish early and late adolescents. Journal of Youth and Adolescence, 46, 343-357. 

https://doi.org/10.1007/s10964-016-0494-2  

Salo, M., Pirkkalainen, H., & Koskelainen, T. (2017). Technostress and social networking services: 

uncovering strains and their underlying stressors. In Nordic Contributions in IS Research: 8th 

Scandinavian Conference on Information Systems, SCIS 2017, Halden, Norway, August 6-8, 2017, 

Proceedings 8 (pp. 41-53). Springer International Publishing. https://doi.org/10.1007/978-3-319-64695-

4_4  

Schermelleh-Engel, K., Moosbrugger, H., & Müller, H. (2003). Evaluating the fit of structural equation 

models: Tests of significance and descriptive goodness-of-fit measures. Methods of psychological 

research online, 8(2), 23-74. https://doi.org/10.23668/psycharchives.12784  

Shannon, H., Bush, K., Villeneuve, P. J., Hellemans, K. G., & Guimond, S. (2022). Problematic social 

media use in adolescents and young adults: systematic review and meta-analysis. JMIR Mental Health, 

9(4), e33450. https://doi.org/10.2196/33450  

Shi, C., Yu, L., Wang, N., Cheng, B., & Cao, X. (2020). Effects of social media overload on academic 

performance: A stressor–strain–outcome perspective. Asian Journal of Communication, 30(2), 179-197. 

https://doi.org/10.1080/01292986.2020.1748073  

Stattin, H., Eriksson, C., & Thorsteinsson, E. B. (2026). Problematic social media use and psychosocial 

conditions. Frontiers in Psychology, 17, 1778148. https://doi.org/10.3389/fpsyg.2026.1778148 

https://doi.org/10.1080/13607863.2017.1334037
https://doi.org/10.3390/ijerph18041885
https://doi.org/10.22111/ijaer.2025.52195.1018
https://doi.org/10.1080/0144929X.2019.1585476
https://doi.org/10.1287/isre.1070.0165
https://doi.org/10.1177/00332941251330538
https://doi.org/10.1177/08944393221111242
https://doi.org/10.1027/1015-5759.25.1.48
https://doi.org/10.1007/s10964-008-9334-3
https://doi.org/10.1007/s10964-016-0494-2
https://doi.org/10.1007/978-3-319-64695-4_4
https://doi.org/10.1007/978-3-319-64695-4_4
https://doi.org/10.23668/psycharchives.12784
https://doi.org/10.2196/33450
https://doi.org/10.1080/01292986.2020.1748073
https://doi.org/10.3389/fpsyg.2026.1778148


 

 
 
Mediating Role of Technostress in… | Abnavi & Jowkar 

 

 

17 

Tanil, C. T., & Yong, M. H. (2020). Mobile phones: The effect of its presence on learning and memory. PloS 

One, 15(8), e0219233. https://doi.org/10.1371/journal.pone.0219233   

Upadhyaya, P., & Vrinda. (2021). Impact of technostress on academic productivity of university students. 

Education and Information Technologies, 26, 1647-1664. https://doi.org/10.1007/s10639-020-10319-9  

Wang, F., Huang, M., & Qu, J. (2023). The effect of Internet addiction on mind wandering: Resilience and 

academic burnout as mediators among Chinese adolescents. Social Behavior and Personality: an 

international journal, 51(2), 1-13. https://doi.org/10.2224/sbp.12097  

Wang, X., Li, Z., Ouyang, Z., & Xu, Y. (2021). The Achilles heel of technology: how does technostress 

affect university students’ wellbeing and technology-enhanced learning. International Journal of 

Environmental Research and Public Health, 18(23), 12322. https://doi.org/10.3390/ijerph182312322  

Wang, X., Madon, Z. B., Ghani, M. S. A., & Long, X. (2026). The relationship between academic burnout 

and problematic smartphone use: a three-level meta-analysis. Frontiers in Psychology, 17, 1768092. 
https://doi.org/10.3389/fpsyg.2026.1768092 

Wartberg, L., Kriston, L., & Thomasius, R. (2020). Internet gaming disorder and problematic social media 

use in a representative sample of German adolescents: Prevalence estimates, comorbid depressive 

symptoms and related psychosocial aspects. Computers in Human Behavior, 103, 31-36. 

https://doi.org/10.1016/j.chb.2019.09.014  

Whitney, P., Hinson, J. M., & Nusbaum, A. T. (2019). A dynamic attentional control framework for 

understanding sleep deprivation effects on cognition. Progress in Brain Research, 246, 111-126. 

https://doi.org/10.1016/bs.pbr.2019.03.015  

Wong, H. Y., Mo, H. Y., Potenza, M. N., Chan, M. N. M., Lau, W. M., Chui, T. K., ... & Lin, C. Y. (2020). 

Relationships between severity of internet gaming disorder, severity of problematic social media use, 

sleep quality and psychological distress. International Journal of Environmental Research and Public 

Health, 17(6), 1879. https://doi.org/10.3390/ijerph17061879  

Yam, C. W., Pakpour, A. H., Griffiths, M. D., Yau, W. Y., Lo, C. L. M., Ng, J. M., ... & Leung, H. (2019). 

Psychometric testing of three Chinese online-related addictive behavior instruments among Hong Kong 

university students. Psychiatric Quarterly, 90, 117-128. https://doi.org/10.1007/s11126-018-9610-7  

Yener, S., Arslan, A., & Kilinç, S. (2021). The moderating roles of technological self-efficacy and time 

management in the technostress and employee performance relationship through burnout. Information 

Technology & People, 34(7), 1890-1919. https://doi.org/10.1108/ITP-09-2019-0462  

Zhang, C. H., Li, G., Fan, Z. Y., Tang, X. J., & Zhang, F. (2021a). Mobile phone addiction mediates the 

relationship between alexithymia and learning burnout in Chinese medical students: a structural equation 

model analysis. Psychology Research and Behavior Management, 455-465. 

https://doi.org/10.2147/PRBM.S304635  

Zhang, C., Li, G., Fan, Z., Tang, X., & Zhang, F. (2021b). Psychological capital mediates the relationship 

between problematic smartphone use and learning burnout in Chinese medical undergraduates and 

postgraduates: a cross-sectional study. Frontiers in Psychology, 12, 600352. 

https://doi.org/10.3389/fpsyg.2021.600352  

Zhao, G., Zhao, R., Yan, X., Conceição, S. C., Cheng, Z., & Peng, Q. (2022). The effects of technostress, 

intolerance of uncertainty, and ICT competence on learning burnout during COVID-19: a moderated 

mediation examination. Asia Pacific Journal of Education, 1-19. 

https://doi.org/10.1080/02188791.2022.2071835  

Zhuang, J., Mou, Q., Zheng, T., Gao, F., Zhong, Y., Lu, Q., ... & Zhao, M. (2023). A serial mediation model 

of social media addiction and college students’ academic engagement: the role of sleep quality and 

fatigue. BMC Psychiatry, 23(1), 1-10. https://doi.org/10.1186/s12888-023-04799-5  

 

 
  

 

https://doi.org/10.1371/journal.pone.0219233
https://doi.org/10.1007/s10639-020-10319-9
https://doi.org/10.2224/sbp.12097
https://doi.org/10.3390/ijerph182312322
https://doi.org/10.3389/fpsyg.2026.1768092
https://doi.org/10.1016/j.chb.2019.09.014
https://doi.org/10.1016/bs.pbr.2019.03.015
https://doi.org/10.3390/ijerph17061879
https://doi.org/10.1007/s11126-018-9610-7
https://psycnet.apa.org/doi/10.1108/ITP-09-2019-0462
https://doi.org/10.2147/PRBM.S304635
https://doi.org/10.3389/fpsyg.2021.600352
https://doi.org/10.1080/02188791.2022.2071835
https://doi.org/10.1186/s12888-023-04799-5

